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Abstract: A global control Fuzzy GeneticA Igorithm (FGA )w as gpplied to the structure op-
timization Themethod given here differs from the standard GA methods (SGA ) in taking the
w hole process of Genetic A Igorithm <election, crosover, mutation and the change of searching
Pace into global fuzzy control The quality of FGA method is verified using wo typical mathe-
m atical multi-peak functions T he resultsof smulation show that this kind of fuzzy genetic algo-
rithm s can efficiently avoid being entrgpped into local optimum and obtain a higher efficiency of
optimizing process A rivet structure,w hich contains integer and discrete variables,w asoptim ized
w ith FGA method It show s that a better connecting efficiency w ith less converging stepscan be
obtained
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Table 4 Statisticsand canpar ison of smulation results
/%
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